PUC-RIo - Certificagdo Digital N° 0220893/CA

Referéncias bibliograficas

ANDERSON, E.W.; FORNELL, C.; LEHMANN, D.R. Customer satisfaction,
market share, and profitability: findings from Sweden. Journal of Marketing, V.
58, 1994, 53-66.

ANDERSON, E.W.; SULLIVAN, M.W. The antecedents and consequences of
customer satisfaction for firms. Marketing Science, 12, 1996, 125-143.

ANDERSON, E.W.; FORNELL, C. Foundations of the american customer
satisfaction index. Total Quality Management, 11, 2000, S869-S881.

ANDRADE, D.F.; TAVARES, H.R.; VALLE, R.C. Teoria da resposta ao item:
conceitos e aplicagcbes. ABE — Associacdo Brasileira de Estatistica, 2000, Sao
Paulo.

ARMINGER, G.; MUTHEN, B. A bayesian approach to nonlinear latent variable
models using the Gibbs samples. Psychometrika, 63, 1998, 271-300.

BACON, L. ARTF SEM Tutorial Web Page, http://www.lba.com/art97.html, june
1997.

BAGOZZI, R.P. Structural equation models in experimental research. Journal of
Marketing, 14, 1977, 209-226.

BAUMGARTNER, H.; HOMBURG, C. Applications of structural equation
modeling in marketing and consumer research: A review. International Journal
of Research in Marketing, 13, 1996, 139-161.

BAYOL, M.P.; DE LA FOYE, A,, TELLIER, C. TENENHAUS, M. Use of PLS
path modeling to estimate the european consumer satisfaction index (ECSI)
model, Statistica Applicata — Italian Journal of Applied Statistics, v. 12, n. 3,
2000, 361-375.

BEBER, S.J.N. Estado atual dos estudos sobre a satisfacdo do consumidor. In:
Encontro Nacional da Associacdo Nacional dos Programas de Pos-Graduacao em
Administragéo, n. 23, Foz do Iguagu, Anais. Foz do Iguacgu: Anpad, 1999.

BETTMAN, J.; JOHNSON, E.; PAYNE, J. Consumer Decision Making. In:
Thomas Robertson e Harold Kassarjian (eds.) Handbook of Consumer
Behavior, New Jersey: Prentice-Hall, 1991, 50-84.

BIRNBAUM, A. Some latent traits models and their use in inferring examinee’s
ability. In: Statistical Theories of Mental Test Scores [edited by F.M. Lord and
M.R. Novick ], 1968, 397-472. Reading, Ma. Addison-Wesley.

BOLLEN. K.A. Structural equations with latent variables. Wiley. ISBN: 0-471-
01171-1, 19809.


DBD
PUC-Rio - Certificação Digital Nº 0220893/CA


PUC-RIo - Certificagdo Digital N° 0220893/CA

139

BONE, P.F.; SHARMA, S.; SHIMP, T.A. A Bootstrap procedure for evaluating
goodness-of-fit indice of structural equation and confirmatory factor models.
Journal of Marketing Research, 26, 1989, 105-111.

BOONE, L.E.; KURTZ, D.L. Marketing contemporaneo. 8%ed. Rio de Janeiro:
Editora LTC, 1998.

CASOTTI, L. O que é a Pesquisa do Consumidor? Reflexdes geradas a partir de
um problema prético. In: Encontro Nacional da Associagdo Nacional dos
Programas de Pos-Graduacdo em Administracao, n. 23, Foz do Iguagu, Anais. Foz
do lguagu: Anpad, 1999.

CASSEL, C.; HACKL, P.; WESTLUND A. Robustness of partial least-squares
method of estimating latent variable quality structures. Journal of Applied
Statistics, 26, 1999, 435-446.

CHAN, L.K.; HUI, Y.V.; LO, H.P.; TSE, S.K. Consumer satisfaction index: New
practice and findings. European Journal of Marketing, 37, 2003, 872-909.

CHIN, W.; MARCOLIN, B.; NEWSTED, P. A partial least squares latent
variable modeling approach for measuring interaction effects: Results form a
Monte Carlo study and voice mail emotion/adoption study, in Proceedings of the
Seventeenth International Conference on Information Systems, Cleveland OH,
December, 1996.

CHIN, W. The partial least squares approach for structural equation modeling, in
modern methods for business research, G. Macoulides, editor. Mahwah NJ:
Erlbaum, 1998, 275-337.

CHURCHILL, G.A.; SURPRENANT, C. An investigation into the determinants
of customer satisfaction. Journal of Marketing Research, 19, 1982, 491-504.

DAVISON, A.C.; HINKLEY, D.V. Bootstrap methods and their application.
Cambridge Series on Statistical and Probabilistic Mathematics. Cambridge
University Press, 1997.

DESHON, R. A cautionary note on measurement error corrections in structural
equation models. Psychological Methods, 3, 1998, 412-423.

DIJKSTRA, T. Some comments on maximum likelihood and partial least squares
methods. Journal of Econometrics, 22, 1983, 67-90.

ENGEL, J.F.; BLACKWELL, R.D.; MINIARD, P.W. Comportamento do
consumidor. 8%.ed. LTC Editora: Sdo Paulo, 2000.

EVRARD, Y. La satisfaction des consommateurs: état des recherches. Anais do
170. ENANPAD. 1993, 59-86.

FENWICK, I. Techniques in market measurement: The jackknife. Journal of
Marketing Research, 16, 1979, 410-414.

FORNELL, C. A national customer satisfaction barometer: The Sweedish
Experience. Journal of Marketing, 56, 1992, 6-21.

FORNELL, C.; JOHNSON, M.D.; ANDERSON, E.W.; CHA, J., BRYANT, B.E.
The American customer satisfaction index: nature, purpose, and findings. Journal
of Marketing, v. 60, 1996, 7-18.


DBD
PUC-Rio - Certificação Digital Nº 0220893/CA


PUC-RIo - Certificagdo Digital N° 0220893/CA

140

FORNELL, C.; LARCKER, D.F. Structural equation models with unobservable
variables and measurement error. Journal of Marketing Research, 18 (February)
1981, 39-50.

FORNELL, C.; LARCKER, D.F. Structural equation models with unobservable
variables and measurement error: algebra e statistics. Journal of Marketing
Research, 18 (August) 1981, 382-388.

FORNELL, C; BOOKSTEIN F.L. Two Structural equation models: LISREL and
PLS applied to consumer exit-voice. Journal of Marketing Research, 19, 1982,
440-452.

GOODHUE, D.; LEWIS, W.; THOMPSON, R. PLS, small sample size and
statistical power in MIS research. Proceedings of the 39" Hawaii International
Conference on System Sciences, 2006.

GUJARATI, D.N. Econometria Basica. Makron Books, 32 Edicéo, 2000.

HAUSER, J. Comparison of importance measurement methodologies and their
relationship to consumer satisfaction, Cambridge MA: Sloan School of
Management, MIT, 1991.

HAYKIN, S. Neural Networks - A Comprehensive Foudation, Second Edition.
Prentice-Hall, 1999.

HEINEN, T. Latent class and discrete latent trait models, advanced quantitative
techniques in the social sciences, Thousand Oaks CA: Sage, 1996.

HOLBROOK, M.B. What is Consumer Research? Journal of Consumer
Research, v. 14, June 1987, 128-132.

HOLBROOK, M.B. Whither ACR? In: Advances in consumer research, v. 13,
(eds.) Richard J. Lutz Provo, UT: Association for Consumer Research, 1986, 436-
441.

HOLBROOK, M.B., HIRSCHMAN, E.C. The experiential aspects of
consumption: consumer fantasies, feelings, and fun. Journal of Consumer
Research, n. 9, Set. 1982, 132-140.

HOLBROOK, M.B., O'SHAUGHNESSY, J. On the scientific status of consumer
research and the need for an interpretative approach to studying consunption
behavior. Journal of Consumer Research, v. 15, Dec. 1988, 398-401.

HOWARD, J.A.; SHETH, J.N. The theory of buyer behavior. John Wiley & Sons,
1969.

HUNT, S.D. Positivism and paradigm dominance in consumer research: toward
critical pluralism and rapprocement. Journal of Consumer Research, v. 19, June
1991, 32-42.

JACOBY, J. Consumer research: A state of the art review. Journal of
Marketing, v. 42, April 1978, 87-96.

JOHNSON, M.D. Comparability in customer satisfaction surveys: products,
services, and government agencies. Seminar on new directions in statistical
methodology, Washington, DC. Working Paper 23, v. 1, 1995, 99-120.


DBD
PUC-Rio - Certificação Digital Nº 0220893/CA


PUC-RIo - Certificagdo Digital N° 0220893/CA

141

JOHNSON, M.D.; ANDERSON, E.W. & FORNELL, C. Rational and adaptive
performance expectations in a customer satisfaction framework. Journal of
Consumer Research, v. 21, Mar. 1995, 695-707.

JOHNSON, R.A; WICHERN, D.W. Applied multivariate statistical analysis,
Fourth Edition. Prentice-Hall, 1998.

JORESKOG, K.G. Structural analysis of covariance and correlation matirces.
Psychometrika, 43, 1978, n. 4.

JORESKOG, K.G. Latent variable scores and their uses. LISREL 8.30, 2000,
168-171.

JORESKOG, K.G.; SORBOM, D. Recent developments in structural equation
modeling. Journal of Marketing Research, 19, 1982, 404-416.

JORESKOG, K.G.; WOLD, H. The ML and PLS techniques for modeling with
latent variables. In Systems Under Indirect Observation, Amsterdam: North-
Holland, 1982.

KAPLAN, R. S.; NORTON, D.P. The balanced scorecard — measures that drive
performance. Harvard Business Review. Jan-Fev. 1992, 71-79.

KAPLAN, D.; ELLIOTT, P. A didactic example of multilevel structural equation
modeling applicable to the study of organizations. Structural Equation
Modeling, 4, 1997, 1-24.

KARSAKLIAN, E. Comportamento do consumidor. Sdo Paulo: Atlas, 2000.
KOTLER, P. Administragdo de Marketing: a Edicdo do Milénio. 102.ed. Prentice-
Hall: S&o Paulo, 2000.

LASTOVICKA, J.L.; THAMODARAN, K. Common factor score estimates in
multiple regression problems. Journal of Marketing Research, 28, 1991, 105-
112.

LIMA, M.R.S. Satisfacdo dos Consumidores em relacdo as compras em um
supermercado virtual: Um estudo em uma capital de um estado brasileiro. 2001,
Dissertacdo de Mestrado, UFRGS.

LORD, F.M.; NOVICK, M.R. Statistical theories of mental test scores. Reading,
MA: Addison-Weskey, 1968.

LOHMOLLER, J. Latent variable path modeling with Partial Least Squares,
Heidelberg: Physica-Verlag, 1989.

MADDALA, G.S. Econometrics, New York: McGraw-Hill, 1977.

MALHOTRA, N.K. Marketing research: an applied orientation. New Jersey :
Prentice-Hall, 1996.

MARCHETTI, R. Z.; PRADO, P.H.M. Avaliacdo da satisfacdo do consumidor
utilizando o método de equacdes estruturais: um modelo aplicado ao setor elétrico
brasileiro. Revista de Administracdo Contemporanea - RAC, Curitiba, v. 8, n. 4,
2004, 9-32.


DBD
PUC-Rio - Certificação Digital Nº 0220893/CA


PUC-RIo - Certificagdo Digital N° 0220893/CA

142

MARCHETTI, R. Z.; PRADO, P. Um tour pelas medidas de satisfacdo do
consumidor. Rae Revista de Administracdo de Empresas Fgv Eaesp, S.Paulo, v.
41, n. 4, 2001, 58-67.

MARTINS, G. A.; FONSECA, J. S. Curso de Estatistica. Atlas, 62 Edicao, 1996.

MENDES, E.L.; SOUZA, R.C.,, SOARES, T.M. Uma investigacdo para
determinar um intervalo de confianca para o IASC via Bootstrap, 2005, Anais
XXXVII SBPO,

MENDES, E.L.; PEREIRA, M.G.; CAMACHO, C.F.; MONTEIRO, AG,
RODRIGUES, A.F. Avaliacdo dos impactos de projetos energéticos com base
num indicador de satisfacdo do consumidor (ISC). Caso de estudo: Programa
Nacional de Eletrificacdo Rural “Luz no Campo” — Enersul. 2002, Anais do 1X
CBE.

MOONEY, C.Z. Monte Carlo simulation. Thousand Oaks, CA: Sage. 1997.
MOWEN, J.C. Consumer behavior. Englewood Cliffs: Prentice Hall, 1995.

MURAKI, E.; BOCK. PARSCALE: Parameter scaling of rating data [Computer
Program]. Chicago, Il: Scientific Software, Inc, 1995.

MUTHEN, B. A general structural equation model with dichotomous, ordered
categorical, and continuous latent variable indicators. Psychometrika, 49, 1984,
115-132.

MUTHEN, B. LISCOMP. Analysis of linear structural equations using a
comprehensive measurement model, Chicago IL: Scientific Software
International, 1987.

MUTHEN, B. Multilevel covariance structure analysis. Sociological Methods &
Research, 22, 1994, 376-398.

MUTHEN, B. Personal communication, extensions of the LISCOMP method in
recently available MPLUS software, November, 1998.

OLIVER, R.L. A cognitive model of the antecedents and consequences of
satisfaction decisions. Journal of Marketing Research, v. 17, Nov. 1980, 460-
4609.

OLIVER, R.L. Measurement and evaluation of satisfaction processes in retailing
settins. Journal of Retailing, v.57, n.3, 1981, 25-48.

OLIVER, R.L. Satisfaction: a behavioral perspective on the consumer. New York:
McGraw-Hill, 1996.

PRADO, P.H.M. Dimensdes da resposta afetiva ao processo de compra e a
satisfacdo do consumidor: o caso dos supermercados. Anais do 21° ENANPAD,
1997.

RIGDON, E. Demonstrating the effects of unmodeled measurement Error.
Structural Equation Modeling, 1, 1994, 1375-380.

ROSSI, C.A.V.; SLONGO, L.A. Pesquisa de satisfacdo de clientes: estado-da-arte
e proposi¢do de um método brasileiro. Anais do 21° ENANPAD, 1997.


DBD
PUC-Rio - Certificação Digital Nº 0220893/CA


PUC-RIo - Certificagdo Digital N° 0220893/CA

143

RYAN, M.; RAYNER, B. Estimating structural equation models with PLS. AMA
Advanced Research Techniques Forum, Keystone CO, June, 1998.

SAMEJIMA, F. (1997). Graded Response Model. In: Handbook of Modern Item
Response Theory [edited by W. Van der Liden and R. Hambleton]. Springer-
Verlag, New York.

SCHIFFMAN, L.G.; KANUK, L. Comportamento do consumidor. 6%ed. LTC
Editora: Séo Paulo, 2000.

SCHUMACKER, R.; MARCOULIDES, G. Interaction and nonlinear effects in
structural equation modeling, Mahwah NJ: Erlbaum, 1998.

SOARES, T. M. (2005). Utilizacdo da teoria da resposta ao item na producdo de
indicadores sdcio-econdmicos. Pesquisa Operacional, Jan./Apr. 2005, v. 25, n. 1,
83-112.

SPRENG, R.A.; MACKENZIE, S.B.; OLSHAVSKY, Richard W. A
reexamination of the determinants of consumer satisfaction. Journal of
Marketing, v. 60, July 1996.

VIEIRA, V.A. Fazendo uma revisao nas areas de influéncia no comportamento do
consumidor. Revista Cientifica da FAL, v. 1, n. 1, Janeiro/2003,
http://www.falnatal.com.br/revista/.

WOLD, H. Partial Least Squares, in S. Kotz, N.L. Johnson Eds., Encyclopedia of
Statistical Science, v. 6, Wiley, New York, 1985, 581-591.

WOLD, H. Theoretical empiricism: a general rationale for scientific model
building, New York, Paragon House, 1989.

YI, Y. A critical review of consumer satisfaction. Review of Marketing,
American Marketing Association. Editor ZEITHAML, Valerie A., v. 4, 1990,
68-113.

ZANINI, A. Regulagdo econémica no setor elétrico brasileiro: uma metodologia
para definicdo de fronteiras de eficiéncia e calculo do fator X para empresas
distribuidoras de energia elétrica, 2005, Tese de Doutorado em Engenharia
Elétrica, PUC-Rio.


DBD
PUC-Rio - Certificação Digital Nº 0220893/CA


PUC-Rio - Certificacé@o Digital N° 0220893/CA

Anexo

%Simulador escores da satisfacao — Rotina Principal

nU

% Esta rotina calcula os escores da satisfacao segundo a metodologia
% de Joreskog e do PLS, com base no modelo do IASC/ACSI.

%

clear;
clc;

% *** |nicializa globais
global gfiOLS ¢fiGLS gfiMV agfiOLS agfiGLS agfiMV

% *** |nicializa variaveis gerais do programa
fixarnd=0; % Fixa semente da funcao Randon do Matlab
qtdsim=20; % Qtd de simulacoes para cada conjunto de relacoes

% *** Cria arquivo de resultados

FN=strcat('Informacao.txt);

delete(FN);

fid1 = fopen(FN,'w');

fprintf(fid1,'%s %s %s %s %s %S %S %S %S %S %S %S %S %S %S %S %S %s %s %s %s %s %s %s %s %s %s %s %s %s %s %s\n',...
'Gal',Ga2',Bel',Par_Sat','Simulacao’, ...
‘corr_jkOLS','corr_jkGLS','corr_jkMV','corr_pls','corr_brt', ...
'mutua_jkOLS','mutua_jkGLS','mutua_jkMV','mutua_pls','mutua_brt', ...
'info_jkOLS','info_jkGLS'",'info_jkMV",'info_pls','info_brt', ...
'chi20LS",'chi2GLS','chi2MV, ...
'gfiOLS','gfiGLS', 'gfiMV/, ...
'agfiOLS','agfiGLS','agfiMV/, ...
‘convergiuOLS','convergiuGLS','convergiuMV');

% *** Processa simulacoes para diversos cenarios de simulacoes
for GAM1=0.2:0.2:0.8
for GAM2=0.2:0.2:0.8
for BET1=0.2:0.2:0.8
for PE=0.5:0.3:0.8

if fixarnd
randn('seed',23432);

end;

r_par=[];

tam=1000;

1=0;

flag=1;

% *** |nicializa loadings hx
hx1=0.8;

hx2=0.8;

hx3=0.8;

% *** |nicializa loadings hy
hy1=0.8;

hy2=0.8;

hy3=0.8;

hy4=0.8;

hy5=PE;

hy6=0.8;

% *** |nicializa gamma
gal=GAM1,;

ga2=GAM2;

% *** |nicializa ksi

mksi=0;

vksi=1;

% *** Inicializa erros epsilon
mdy1=0; vdy1=1-(hy1"2);
mdy2=0; vdy2=1-(hy2/2)
mdy3=0; vdy3=1-(hy3"2);
mdy4=0; vdy4=1-(hy4"2);
mdy5=0; vdy5=1-(hy5"2)

—_—~ s
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mdy6=0; vdy6=1-(hy6"2);

% *** Inicializa erros delta

mdx1=0; vdx1=1-(hx1"2);

madx2=0; vdx2=1-(hx2"2);

mdx3=0; vdx3=1-(hx3"2);

% *** Inicializa beta

bel=BET1;

% *** Inicializa eta

metal=0; vetal=1-(GAM1"2);

meta2=0; veta2=1-((BET1*GAM1)+GAM2)"2+((GAM1"2)-1)*(BET1"2);

% *** Variancias dos disturbios positiva?
if and(vetal>0,veta2>0)

% *** Cria vetor de parametros para a funcao de otimizacao
par=[hy1;hy2;hy3;hy4;hy5;hy6;hx1;hx2;hx3;0al;0a2;vksi; ...
vdy1;vdy2;vdy3;vdy4;vdy5;vdy6;vdx1;vdx2;vdx3;bel; ...

vetal;veta2];

% *** Para cada conjunto executa diversas simulacoes
for totsim=1:qtdsim
I=1+1;

% *** |nicializa variaveis

dados=[]; %Vetor com os dados gerados
S=; %Matriz de covariancia dos dados
R=[]; %Matriz de correlacao dos dados
lat=[];  %Vetor com n1,n2 ksil

dist=[];  %Vetor de disturbios

q_ruido=1; %Erros/Disturbios normais simetricos (1) ou assimetricos (2)
v_ruido=1;

s_ruido=1;

Z_ruido=1;

ksi_ruido=2;

% *** Gera erros das medidas e disturbios aleatorios
ifflag ==1
dx1=gera_rnd(qg_ruido,mdx1,vdx1,tam);
dx2=gera_rnd(q_ruido,mdx2,vdx2,tam);
dx3=gera_rnd(qg_ruido,mdx3,vdx3,tam);
eyl=gera_rnd(v_ruido,mdy1,vdyl,tam);
ey2=gera_rnd(v_ruido,mdy2,vdy2,tam);
ey3=gera_rnd(v_ruido,mdy3,vdy3,tam);
ey4=gera_rnd(s_ruido,mdy4,vdy4,tam)
ey5=gera_rnd(s_ruido,mdy5,vdy5,tam)
ey6=gera_rnd(s_ruido,mdy6,vdy6,tam);
zetal=gera_md(z_ruido,metal,vetal,tam);
zeta2=gera_rnd(z_ruido,meta2,veta2,tam);
ksi=gera_rnd(ksi_ruido,0,vksi,tam);
mzl=mean(zetal);
mz2=mean(zeta2);
flag=1;
ksi_1=ksi+ones(tam,1)*mksi;
else
% *** Modifica media da latente exogena
ksi_1=ksi+ones(tam,1)*mksi;
end;

% *** Parametros para 0s dados
parl=[gal ga2 bel hx1 hx2 hx3 hy1 hy2 hy3 hy4 hy5 hy6];
dist=[dx1 dx2 dx3 eyl ey2 ey3 ey4 ey5 ey6 zetal zeta2 ksi_1];

% *** Gera dados para simulacao
[dados,dadosdm,S,lat,R]=gerar_dados(parl,dist,mksi);
scoresTRUE=lat;

% *** Estimacao do modelo via PLS
[wh1,wh2,wh3,latPLS,wh]=pls(dados);

% *** Calculo do IASC via PLS e IASC bruto

scoresPLS=J;

scoresBRT=[];

for N=1:tam
scoresPLS(N)=[wh3(1) wh3(2) wh3(3)]*[dados(N,4);dados(N,5);dados(N,6)];
scoresBRT(N)=[1 1 1]*[dados(N,4);dados(N,5);dados(N,6)];

end;
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% *** Calcula a funcao objetivo para os parametros inicializados
% *** Restricoes para a funcao objetivo

A=[000000000000000000000000; %Matriz de restricoes (A e b)

000000000000000000000000;
000000000000000000000000;
000000000000000000000000;
000000000000000000000000;
000000000000000000000000;
000000000000000000000000;
000000000000000000000000;
000000000000000000000000;
000000000000000000000000;
000000000000000000000000;
000000000000000000000000;
000000000000-par(13)00000000000;
0000000000000 -par(14)0000000000;
00000000000000-par(15)000000000;
000000000000000-par(16)00000000;
0000000000000000-par(17)0000000;
00000000000000000-par(18)000000
000000000000000000-par(19)00000;
0000000000000000000-par(20)0000;
00000000000000000000-par(21) 000
000000000000000000000000;
0000000000000000000000-par(23) 0
00000000000000000000000-par(24)];

b=[000000000000000000000000[;

% *** Otimiza funcao objetivo para os metodos (1)OLS, (2)GLS e (3)MV
options = optimset('Display','off', TolFun',1e-4, TolX',1e-4, TolCon',5000, Maxlter',50);

% *** (1) ULS
metodo=1;
flagOLS=1;
scoresJOLS=]J;
gfiOLS=0;
agfioLS=0;

[fmv,fval EXITFLAG,OUTPUT] = fmincon('lisrel',par,A,b,[1,0,0,0,,0ptions,R,metodo);

%[fmv,fval] = fminunc(lisrel1',par,options,S);

% *** Se a funcao convergir
if and(EXITFLAG > 0,fval>0)

% *** Verifica qui2
p_valueOLS=1-chi2cdf(fval*(tam-1),22);

% *** Parametros estimados
r_par(:,1,1)=fmv;

% *** Calculo do IASC via Joreskog

miOLS=[]; %interceptos das observadas

[scoresJOLS,miOLS]=calc_scores(fmv,dados,mz1,mz2,dadosdm);
else

% *** Metodo nao convergiu

scoresJOLS=ones(tam,3);

flagOLS=0;

p_valueOLS=0;
end;

% *** (2) GLS
metodo=2;
flagGLS=1;
scoresJGLS=[;
gfiGLS=0;
agfiGLS=0;

[fmv,fval EXITFLAG,OUTPUT] = fmincon('lisrel',par,A,b,[1,[1,0,0,,0ptions,R,metodo);

%([fmv,fval] = fminunc(lisrel1',par,options,S);

% *** Se a funcao convergir
if and(EXITFLAG > 0,fval>0)

% *** Verifica qui2
p_valueGLS=1-chi2cdf(fval*(tam-1),22);

% *** Parametros estimados
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OLS

GLS

r_par(:,1,2)=fmv;

% *** Calculo do IASC via Joreskog

miGLS=[]; %interceptos das observadas

[scoresJGLS,miGLS]=calc_scores(fmv,dados,mz1,mz2,dadosdm);
else

% *** Metodo nao convergiu

scoresJGLS=ones(tam,3);

flagGLS=0;

p_valueGLS=0;
end;

% *** (3) MV
metodo=3;
flagMVv=1;
scoresIMV=[];
gfiMv=0;
agfimv=0;

[fmv,fval EXITFLAG,OUTPUT] = fmincon('lisrel',par,A,b,1,[1.[.0.[,0ptions,R,metodo);

%[fmv,fval] = fminunc(lisrel1',par,options,S);

% *** Se a funcao convergir
if and(EXITFLAG > 0,fval>0)

% *** \erifica qui2
p_valueMV=1-chi2cdf(fval*(tam-1),22);

% *** Parametros estimados
r_par(:,1,3)=fmv;

% *** Calculo do IASC via Joreskog

miMV=[]; %interceptos das observadas

[scoresIMV,miMV]=calc_scores(fmv,dados,mz1,mz2,dadosdm);
else

% *** Metodo nao convergiu

scoresJMV=ones(tam,3);

flagMV=0;

p_valueMV=0;
end;

% *** Calculo da media dos escores
med_sat=mean(scoresTRUE(:,2));
if flagOLS==1
med_satJOLS=mean(scoresJOLS(;,2));
else
med_satJOLS=0;
end;
if flagGLS==1
med_satJGLS=mean(scoresJGLS(;,2));
else
med_satJGLS=0;
end;
if lagMV==1
med_satJMV=mean(scoresJMV(:,2));
else
med_satIMV=0;
end;
med_satPLS=mean(scoresPLS);
med_satBRT=mean(scoresBRT);

% *** Calculo da correlacao entre os escores

REcov=corrcoef([scoresTRUE(:,2) scoresJOLS(:,2) scoresJGLS(:,2) scoresIMV(:,2) scoresPLS' scoresBRTY);

% *** Calculo da informacao mutua entre os escores
if lagOLS==1
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REinfmut1=CalcInfMutua([scoresTRUE(:,2) scoresJOLS(:,2)]); %informacao mutua entre scores verdadeiro e joreskog

else
REinfmut1=0;

end;

if flagGLS==1

REinfmut2=CalcInfMutua([scoresTRUE(:,2) scoresJGLS(:,2)]); %informacao mutua entre scores verdadeiro e joreskog

else
REinfmut2=0;
end;
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if lagMV==1
REinfmut3=CalcInfMutua([scoresTRUE(:,2) scoresIMV(;,2)]); %informacao mutua entre scores verdadeiro e joreskog
\Y
else
REinfmut3=0;
end;
REinfmut4=CalcInfMutua([scoresTRUE(:,2) scoresPLS"]); %informacao mutua entre scores verdadeiro e pls
REinfmut5=CalcInfMutua([scoresTRUE(:,2) scoresBRT'); %informacao mutua entre scores verdadeiro e bruto

% *** Calcula funcao de informacao
grfscores=[scoresTRUE(;,2) scoresJOLS(;,2) scoresJGLS(;,2) scoresIMV(;,2) scoresPLS' scoresBRT;
[info,info_s]=calc_info(grfscores);

% *** Imprime resultados no arquivo informacao

[GAM1,GAM2,BET1,PE totsim, ...

REcov(1,2),REcov(1,3),REcov(1,4),REcov(1,5),REcov(1,6), ...

REinfmutl,REinfmut2, REinfmut3,REinfmut4,REinfmut5, ...

info_s(1),info_s(2),info_s(3),info_s(4),info_s(5), ...

p_valueOLS,p_valueGLS,p_valueMV, ...

gfioLS,gfiGLS,gfiMV,agfiOLS,agfiGLS,agfiMV, ...

flagOLS, flagGLS,flagMV]

fprintf(fid1,'%6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4F %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f

%6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.4f %6.47\n', ...

GAM1,GAM2,BET1,PE totsim, ...
REcov(1,2),REcov(1,3),REcov(1,4),REcov(1,5),REcov(1,6), ...
REinfmut1,REinfmut2,REinfmut3,REinfmut4,REinfmut5, ...
info_s(1),info_s(2),info_s(3),info_s(4),info_s(5), ...
p_valueOLS,p_valueGLS,p_valueMV, ...
gfiOLS,gfiGLS,gfiMV,agfiOLS,agfiGLS,agfiMV, ...
flagOLS,flagGLS, flagMV);

end;

else
% *** |nicializacao de parametros que gera variancia negativa
fprintf(fid1,'%6.4f %6.4f %6.4f %6.4f %6.4f %6.4f\n', ...

GAM1,GAM2,BET1,PE totsim,-99);
end;
end;
end;
end;
end;

% *** Fecha arquivo
fclose(fid1);
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